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PROJECT SUMMARY

In the realm of eCommerce, conversational agents powered by Large Language Models
(LLMs) offer a natural means for users to convey shopping intents and locate desired
products. As text-based models, these LLMs output textual search queries based on
user conversations, which are subsequently used for retrieving relevant items from store
catalogs. This limits the adoption of conversational agents in many eCommerce
settings, particularly for smaller websites that struggle with creating and maintaining
meaningful textual descriptions for items. However, nearly every eCommerce website is
compelled to maintain high-quality product images that cater to the fundamentally visual
nature of online shopping. To leverage this, our project investigates strategies such as
pre-trained image captioning models to leverage these catalog images in enhancing
text-based retrieval within conversational recommendation systems.

For evaluation, we use Amazon’s publicly available ESCI| dataset, consisting of
customer search queries and labeled relevance scores for a subset of Amazon
products. We employ the customer queries as search queries and contrast the relative
retrieval capabilities between our image-generated text and the original text data. This
investigation has the potential to significantly enhance user experiences in product
discovery and shopping, and can also prove valuable in the separate application of
automatic data labeling.
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